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Objective. Sociologists of technology propose that not only a technological artifact,
as such, but also patterns of usage should be considered when studying the social
implications of technologies. Accordingly, we explore how people’s online activities
are influenced by users’ socioeconomic status and context of use. Methods. We
analyze data from the Allensbacher Computer and Technology Analysis (ACTA)
2004 survey with uniquely detailed information about people’s Internet uses and
context of usage to explore this relationship. Results. Findings suggest that high-
status and low-status individuals cultivate different forms of ‘‘Internet-in-practice.’’
High-status users are much more likely to engage in so-called capital-enhancing
activities online than are their less privileged counterparts. Conclusion. Results
suggest differential payoffs from Internet use depending on a user’s socioeconomic
background. Digital inequalities might be mitigated by improving people’s Internet
equipment and digital experience, but they do not account for all the status differ-
ential in use.

The Internet cannot be assumed to be ‘‘inherently good or inherently bad.
Of course, to complicate matters, neither is the Internet neutral’’ (Wars-
chauer, 2003:183). Like all other technologies, the affordances of the In-
ternet are related to its history, its design, and the context of its adoption
and usage. An important focus of scholarship on the social implications of
digital media has been an investigation of how differentiated levels of use
may contribute to social inequality. At first, in the 1990s, digital divide
research mainly focused on access differences across varying segments of
societies (e.g., Bimber, 2000; Bucy, 2000; Hargittai, 2003a; National Tele-
communications and Information Administration, 1998, 1999, 2000, 2004;
Norris, 2001). Subsequently, researchers started arguing that beyond the
binary differentiation of users versus nonusers lie variations in what people
do online, which also have implications for social inequality (Attewell, 2001;
Barzilai-Nahon, 2006; DiMaggio et al., 2004; Hargittai, 2004; Kim and
Kim, 2001; Korupp and Szydlik, 2005; Livingstone and Helsper, 2007;
Norris, 2001; Ono, 2006; Ono and Zavodny, 2007; Selwyn, 2004; van
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Dijk, 2005; Warschauer, 2003; Zillien, 2006). In particular, several scholars
have suggested conceptual reformulations of digital inequality, calling for
the inclusion of much more nuanced measures about use than were tra-
ditionally included in initial investigations. What is important, then, is that
the digital divide is generally regarded as a new form of social inequality, in
which different patterns of media usage influence life chances to different
degrees depending on the particular activities in which people engage online.

Using this as a starting point, we analyze the extent to which Internet
users’ social position relates to their uses of the web. What is it about users’
social status that may be driving differentiated uses? Status-specific forms of
Internet usage might be due to different technical equipment, varying digital
experiences, or status-specific interests. There is much empirical evidence
that people with higher status use better technical equipment (e.g., Zillien,
2006) and research has also shown that they tend to possess higher Internet
user skills (Hargittai, 2002; Mossberger, Tolbert, and Stansbury, 2003)—
both of which could explain better returns to high-status people’s Internet
usage. For example, someone with a broadband connection and an up-to-
date computer will be more willing to use the Internet for just about any
purpose than someone who has to wait for pages to load on a slow con-
nection. DiMaggio and colleagues (2004:380) state that capital-enhancing
consequences of Internet usage are also indirect consequences of apparatus
quality and skills. Van Dijk (2005:117) emphasizes that material resources
‘‘keep playing their role after a physical connection is acquired.’’ Beyond
this, ‘‘the power of Internet resources remains latent to those without the
skills to use them’’ (Ryder and Wilson, 1996). Lacking sufficient know-how
about how to find information online (Hargittai, 2002, 2003b) can also
inhibit people’s online actions.

Due to the lack of appropriate data sets containing sufficiently refined
measures of people’s Internet uses coupled with details about users’ back-
ground, it has been difficult for the research agenda to move forward with
many of the suggestions in the literature. Namely, concepts such as skill are
rarely measured in big national data sets nor are certain descriptors available
about people’s topic-specific interests. Thanks to access to a unique data set
that includes measures on several distinct items otherwise missing from
much of the literature, we are able to test the independent effect of social
status for inequalities in Internet use—beyond quality of the technological
equipment, digital experiences, and topic-specific interests.

The Sociology of Technology and the Study of Differentiated Media Uses

Orlikowski (2000:410) demonstrated that people engaging with com-
puter technology draw on interpretive schemes, norms of technology use,
and the technological artifacts at hand in their usage. Employing Giddens’s
theory of structuration, Orlikowski coined the term technology-in-practice,
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implying that users of technology constitute and reconstitute the structure of
technology use: ‘‘Continued habitual use of a technology will tend to re-
enact the same technology-in-practice, thus further reinforcing it over time
so that it becomes taken for granted’’ (Orlikowski, 2000:410). Based on this
approach, the author emphasizes the ongoing and situated nature of such
activities (Orlikowski, 2000:413). She argues that technologies-in-practice
lead to organizational and social effects.

Because the enactment of a technology-in-practice is situated in a number
of nested and overlapping social systems, people’s interaction with tech-
nology will always enact other social structures along with the technology-
in-practice, for example, a hierarchical authority structure within a large
bureaucracy, a cooperative culture within a participative workgroup, the
normative structure of a religious or professional community, or the dom-
inant status of English as the primary language of the Internet. (Orlikowski,
2000:411)

Similarly to Orlikowski (2000), Schulz-Schaeffer (1999) also looks at the
relationship of technological artifacts and their uses by way of considering
the interplay between resource aspects and routine aspects of technologies. For
example, one has to know the following procedures to use a car as a resource
of locomotion: start the car, shift into gear, accelerate, stop, and so forth
(Schulz-Schaeffer, 1999:417). This means that routines are required to use
technologies as resources. This point of view has consequences for the social
implications of technology use, especially regarding questions of inequality.
On the one hand, technology is generally characterized by regulated mech-
anisms, which renders it a device of relief to any user. Take, for example, the
case of arithmetic calculators. As Schulz-Schaeffer (2004:62) points out, in a
world where everyone only presses buttons, there are less opportunities to
profit from a specific know-how needed for certain types of arithmetic
operations. Namely, as the knowledge that is required for related calcula-
tions is incorporated into the device of the calculator, the tool provides easier
access to information that was earlier restricted to those possessing certain
formal skills. Regarding these general functions, the calculator might there-
fore be regarded as a tool of equalization (Schulz-Schaeffer, 1999:421). On
the other hand, however, this argument only takes into account the resource
aspect of technologies and is thus limited. Continuing the example above,
while it may be easy to punch buttons on a calculator, one still requires
specialized skills to interpret the resulting output correctly. Consequently,
while as a resource technology might lead to more equalization, its usage will
nonetheless depend on further dispositions (Schulz-Schaeffer, 2004:62). In
sum, not only the technology, as such, but also patterns of usage should be
regarded when explaining status inequalities with respect to a technology’s
diffusion across the population.

The idea of media-based inequalities for scholars of social stratification is
not new. The knowledge-gap hypothesis put forth more than 30 years ago
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focusing on different levels of newspaper reading suggested that people of
higher status tend to profit more from their media usage (Tichenor, Dono-
hue, and Olien, 1970). The starting point of the original knowledge-gap
research was the popular assumption that mass media would lead to an
increase of knowledge in the general public. Tichenor, Donohue, and Olien
(1970) challenged this ideal, suggesting, rather, that knowledge inequalities
would increase instead of decrease as a result of increasing availability of
media information.

As the infusion of mass media information into a social system increases,
segments of the population with higher socioeconomic status tend to ac-
quire this information at a faster rate than the lower status segments, so that
the gap in knowledge between these segments tends to increase rather than
decrease. (Tichenor, Donohue, and Olien, 1970:159)

That is, rather than serving as an equalizing force, media diffusion could
reinforce and potentially even increase inequalities by leading to higher-
status individuals digesting additional information faster than those of lower
socioeconomic backgrounds. Higher media competence, a higher knowledge
level, relevant social connections, and more selective media use all result in
an advantageous starting position for higher-status persons concerning the
utilization of media information (Tichenor, Donohue, and Olien,
1970:162).

The above basic approach of knowledge gap theory focused—in the tra-
dition of democratic theory—on politically relevant knowledge and inter-
preted the lack thereof as a disadvantage. A rival hypothesis by Ettema and
Kline (1977) attempted to break with this premise. It suggested that it is not
status, but motivation (e.g., topic-specific interest or degree of concern) that
is the decisive factor for the development of knowledge gaps. Ettema and
Kline (1977) treated social status and motivation as independent factors in
the process of acquiring media information and reformulated the original
knowledge-gap hypothesis as follows.

As the infusion of mass information into a social system increases, segments
of the population motivated to acquire that information and/or for which
the information is functional tend to acquire the information at a faster rate
than those not motivated or for which it is not functional, so that the gap in
knowledge between these segments tends to increase rather than decrease.
(Ettema and Kline, 1977:188, emphasis added)

This refined approach suggests that a certain piece of information is not
equally relevant to each stratum of the population. Thus, the reformulated
knowledge-gap hypothesis of Ettema and Kline postulates that social status
as an explanatory factor of media usage competes with topic-specific inter-
ests. Topic-specific interests as explanatory factors of Internet usage so far
have been largely ignored in the literature.
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In sum, research on communication media over the years has found that
different social strata vary in their enactment of media uses, whether due to
differences in resources or interests (Bonfadelli, 1988; Cook et al., 1975;
Ettema and Kline, 1977; Lenz and Zillien, 2005; Tichenor, Donohue, and
Olien, 1970). This idea has also gained prominence among digital divide
researchers and it is precisely this premise upon which we base our study as
well. In the next section, we review literature on digital inequality, with
special focus on works that have addressed similar questions even while not
being able to investigate them all empirically due to lack of data.

Digital Inequality: Social Status and Differentiated Internet Uses

The ideas behind the knowledge-gap hypothesis can be applied to re-
searching differentiated uses of digital media and, indeed, several scholars
have made this connection (Arnhold, 2003; Bonfadelli, 2002; Marr, 2005;
Selwyn, 2004; van Dijk, 2005). Although emphasizing the theoretical po-
tential of the knowledge-gap perspective for Internet research, Bonfadelli
(2002) also states that there are differences between the emergence of
knowledge gaps concerning older media and the Internet. He argues that in
comparison to print media and television, Internet usage requires not only
high enabling technologies but also a much more active and skilled user
(Bonfadelli, 2002:72). DiMaggio et al. (2004) hold that the lesson of
knowledge-gap research for analyzing the Internet is that access to Internet
technologies is never enough to ensure productive use of it; rather, a look at
the context of people’s uses is also of central importance.

This latter assumption is supported by studies of digital divide research.
There have been several studies devoted to analyzing differences in the usage
of the Internet, thereby trying to explain the emergence of a spectrum of
digital divides (Attewell, 2001; DiMaggio et al., 2004; Hargittai, 2002;
Jäckel, 2001; Kim and Kim, 2001; Mossberger, Tolbert, and Stansbury,
2003; van Dijk, 2005; Wasserman and Richmond-Abbott, 2005). These
papers tend to focus on variables that determine the usage of the Internet,
and social status is assumed to be one of the most important predictors of
inequalities in Internet usage (DiMaggio et al., 2004; Howard, Rainie, and
Jones, 2001; Livingstone and Helsper, 2007; Mossberger, Tolbert, and
Stansbury, 2003; van Dijk, 2005; Warschauer, 2003; Zillien, 2006). Thus,
the knowledge-gap theory and digital divide research provide a theoretical
basis that points to a relationship between social status and patterns of media
use.

DiMaggio and colleagues (2004) addressed the question of whether access
to the Internet leads to privileges.

Are people who have access to the Internet any better off—especially with
respect to economic welfare (education, jobs, earnings) or social partici-
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pation (political participation, community engagement, or receipt of gov-
ernment services and other public goods)—than they would be without the
Internet? (DiMaggio et al., 2004:381)

In the opinion of DiMaggio et al. (2004), the presumption that the
Internet facilitates access to education, job opportunities, better health, and
political participation is a central requirement to determining whether the
digital divide should be of concern to scholars of social stratification. That is,
if we were to find no relationship between occupying a more privileged
position in society and benefiting from Internet usage, then ‘‘there would be
little to debate other than percentage point difference in access and usage
over time for various groups’’ (Mason and Hacker, 2003:41).

As Internet technologies gain more and more importance as resources that
make it easier to take part in economic (DiMaggio and Bonikowski, 2008)
and political life (Mossberger, Tolbert, and McNeal, 2007), identifying who
is more or less likely to engage with such content and services on the web
will be increasingly important to understanding who is benefiting from
online opportunities and who is being left behind. As ‘‘an increasing number
of services relevant to daily life become easiest to access on the Web (e.g.,
financial services, product information, government forms), then the seg-
ment of the population with low digital-literacy levels will become increas-
ingly disadvantaged in our digital world’’ (Hargittai, 2005:372). Since many
of these activities are not about optional aspects of life, using the Internet for
certain core essential tasks can no longer be seen as simply a luxury good
(Hargittai, 2008). Thus, it is mainly in the domain of ‘‘capital-enhancing’’
user routines that we can speak of digital inequality as a phenomenon of
social inequality, and therefore as a relevant object of investigation (Di-
Maggio and Hargittai, 2002; Hargittai and Hinnant, 2008).

Following the premise by DiMaggio et al. quoted above and the likes of
Selwyn (2004:350), who states that the social impact of Internet technol-
ogies could be seen in ‘‘terms which reflect the extent to which technology
use enables individuals to participate and be part of society,’’ we assume that
Internet users of higher social status systematically use and benefit from
Internet applications, while those of lower status use the Internet in less
effective and less profitable ways. It is this proposition that we test here. To
ascertain an independent effect of social status on what people do online, we
have to examine its relationship to different types of Internet usage while
controlling for factors such as technical equipment, digital experience, and
topic-specific interests.

Data and Methods

We use data on Internet usage from the Allensbacher Computer
and Technology Analysis 2004 (ACTA) administered by the Institut für
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Demoskopie Allensbach. The ACTA is a representative quota-sample survey
of the German population administered in person in respondents’ homes
(N 5 10,287). Because the sponsors of the original project were interested in
reaching an especially large higher-than-average consumer-oriented segment
of the population, these are overrepresented in the sample. To adjust the
data to the official statistics of Germany, the Institut für Demoskopie Al-
lensbach constructed a weight factor (e.g., age, gender, East/West Germany,
household size, income). Since our goal is to be representative of the Ger-
man population as a whole, we use these weights in our analyses.

Variables About Users’ Background Characteristics

We look at core demographic characteristics as well as measures of peo-
ple’s socioeconomic status. Age is measured in four-year increments and we
include these values as a continuous variable in the analyses. Instead of
relying simply on measures of income and education for socioeconomic
background, this data set includes an innovative scale to offer a more com-
prehensive measure of this respondent characteristic.

The social status variable is based on four components: educational de-
gree, income, occupational prestige, and a subjective rating by the inter-
viewer based on respondent characteristics and lifestyle observed and scored
during the in-person interview. This measure is not simply a sum of income
and education as it includes a deeper and more nuanced assessment of status.
Namely, information about status markers such as foreign language and
mathematical competencies, geography knowledge, credit-card possession,
and the ownership of various consumer goods is also included in the cal-
culation of the social status index. The resulting score range is then broken
down by ACTA into seven status categories consistent with how the Institut
für Demoskopie Allensbach usually categorizes the different segments of the
population. By basing our classification on the full sample administered by
ACTA that also includes nonusers, we are not biasing social status toward
the higher positions of those who make up the sample of Internet users (see
Table 1).

Variables Related to Internet Use

In addition to nuanced measures of people’s social status, the data set also
contains far more detail than is usually available about people’s online
browsing habits and the context of their Internet usage. Similarly to the
social status variable, our measures of both technological equipment and
digital experience are also based on detailed indexes. To measure the quality
of technological equipment available to respondents, we created an index
based on four measures of people’s technical Internet use context at home:
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(1) quality of their computer equipment; (2) the age of their computer; (3)
connectivity speed; (4) and Internet pricing. Those who have no Internet
access at home at all receive a zero on this measure. Others receive the sum
of their scores on the four factors. This variable is included as a continuous
measure in the analyses. To measure digital experience, we use an additive
index—included in the models as an interval-level variable—made up of
four factors consistent with the literature on digital inequality (DiMaggio et
al., 2003; Hargittai, 2008; Kubicek and Welling, 2000; Mossberger, Tol-
bert, and Stansbury, 2003; van Dijk, 2005; Warschauer, 2003): hardware-
related technical proficiency, self-reported Internet-related knowledge, time
spent online, and level of computer interest perceived among the people in
one’s social surroundings.

The first factor, hardware-related technical proficiency, is explained by
Mossberger, Tolbert, and Stansbury (2003:38) as ‘‘the skills needed to op-
erate hardware and software, such as typing, using a mouse, and giving
instructions to the computer to sort records a certain way.’’ Warschauer
(2003:111) speaks in this context of the ‘‘basic forms of computer operation,
such as turning on a computer, opening a folder, and saving a file.’’ Hard-
ware-related technical proficiency in our study is measured by a self-report

TABLE 1

Social Status, Age, and Gender of Internet Users and Nonusers (in Percent),
ACTA 2004

Internet User
(N 5 6,053)

Nonuser
(N 5 3,925)

Total
(N 5 10,287)

Social Status
Lowest status group 3.9 16.6 9.2
Second lowest status

group
5.1 15.2 9.3

Third lowest status group 13.1 23.5 17.4
Medium status group 22.5 20.4 21.6
Third highest status group 21.0 12.0 17.3
Second highest status

group
18.5 7.7 14.1

Highest status group 15.9 4.5 11.1
Age in Years
14–24 22.4 11.3 18.0
25–34 20.8 12.2 17.4
35–44 26.9 19.9 24.3
45–54 19.1 22.6 20.5
55–64 10.8 34.0 19.8
Gender
Male 54.4 43.8 50.0
Female 45.6 56.2 50.0

Status-Specific Types of Internet Usage 281



of computer technical competency and the number of different computer
applications a respondent is able to use.

Above these ‘‘operational digital skills’’ (van Dijk, 2005:76) one needs the
‘‘skills used to search, select, and process information in computer and
network sources’’ (van Dijk, 2005:81), which we define as Internet-related
knowledge. Warschauer (2003:113) speaks of ‘‘information literacy’’ and
defines it as ‘‘the skills and understandings involved in using ICT to locate,
evaluate, and use information.’’ Above that, Mossberger, Tolbert, and
Stansbury (2003:38) say that ‘‘[i]nformation literacy is the ability to rec-
ognize when information can solve a problem or fill a need and to effectively
employ information resources.’’ In our index, the factor ‘‘Internet-related
knowledge’’ consists of the perceived difficulty of searching for information
online, the diversity of Internet usage, general interest in computers and the
Internet, and the perceived importance of Internet information in everyday
life.

Hardware-related technical competency and Internet-related knowledge
are hardly learned in computer courses alone. Van Dijk states that ‘‘the do-
it-yourself approach is a much more important source of learning’’
(2005:90) and explains why time spent online is an important predictor
of Internet competency. Mossberger, Tolbert, and Stansbury (2003:121)
put this more pointedly: ‘‘those without skills have little need to use com-
puters, and those without frequent availability have little chance to develop
the skills that they need through trial and error and practice.’’ Consequently,
we include information about years of use as well as frequency of use in our
measure of digital experience.

Besides practice, the level of computer interest reported among the people
in one’s social surroundings affects how versed someone is in using infor-
mation technologies (Hargittai, 2003b). Friends, relatives, or colleagues can
lend support as well as serve as a kind of role model. The factor ‘‘computer-
interested setting’’—the fourth component of our index of digital experi-
ence—indicates whether one has knowledgeable peers in one’s social sur-
rounding and if friends or relatives are an information source for technical
innovations.

To learn about people’s online activities, respondents were asked in what
types of activities they engage online and with what frequency (the four
options were ‘‘often,’’ ‘‘sometimes,’’ ‘‘not often,’’ and ‘‘never’’), which we
include as an ordinal-level measure in our analyses. Here, we analyze data
about visiting websites concerning political news, economic news, travel
information, stock prices, product information and price comparison, com-
puter news, health information, and sports news. We also have measures for
frequency of email use, chat use, and search engine use.

As noted in our theoretical section, interest in a particular topic can be
expected to relate to what people do online. To be able to control for such
motivation in seeking out certain types of material, we are fortunate to have
data on people’s basic interests regarding various topic areas concerning
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types of websites (but not communication with others and search engine
use). To control for motivation in the logistic regression model we use a
binary measure for having an interest in a topic (1 5 ‘‘I am very/moderately
interested in . . .’’; 0 5 ‘‘I am not at all interested in politics, the economy,
sports, etc.’’).

Methods of Analysis

To examine whether there is a relationship between socioeconomic status
and usage of the Internet for specific purposes, we focus on the relationship
of these two measures. First, we look at general tendencies regarding the
correlation between social status and activities that people pursue online by
calculating gamma correlation coefficients between the two. Second, we
control for additional factors that may be related to types of Internet use by
using logistic regression analyses. In the latter case, we create dummy vari-
ables for whether people engage in certain activities on the web and use these
as the outcome measures.

Sample Descriptives

Table 1 contains descriptive statistics about the social status, age, and
gender of the Internet users in comparison to the nonusers in the sample.
Just over half (55.4 percent) of the Internet users occupy the three highest
status groups, 22.5 percent are in the middle group, while about a fifth are
in the three lowest ones. Nonusers’ social status is generally lower: one-
fourth (24.2 percent) of them are in the three highest status groups, one-fifth
(20.4 percent) are in the middle group, while more than half (55.3 percent)
are in the three lowest status categories.

The survey includes people ranging in age from 14 to 64 years old. The
sample of Internet users (N 5 6,053)—the people in the data set of interest
to us—skews toward younger generations, with 22.4 percent in the 14–24
range, about one-fifth in the 25–34 range, just over a quarter (26.9 percent)
ranging from 35 to 44 years old, and less than 30 percent the age of 45 or
older. The average age of respondents is 37 (SD 5 13.1). In comparison, the
average nonuser is older, with a mean age of 46 (SD 5 14.1). All in all, we
have close to equal representation of men and women, with slightly more
male respondents (54.4 percent) in the sample of Internet users, and slightly
more female respondents among nonusers (56.2 percent).

Looking at Internet users’ technological equipment and digital experi-
ences, we find considerable variance in the data set. Regarding the index
‘‘technological equipment’’ (range 5 0–9), the mean score of an Internet
user amounts to 4.25 (SD 5 2.5); regarding the index ‘‘digital experience’’
(range 0–11), the average user’s score is 6.9 (SD 5 1.97).

Status-Specific Types of Internet Usage 283



Findings

Table 2 reports what percentage of the sample engages in various types of
online activities for the full sample (last column) and by social status, in
decreasing order of popularity. The most popular activities in general are
email communication, using search engines, and looking up travel infor-
mation. Next in line on the agenda of respondents are uses of the Internet
for looking up product information, reading political news, and consulting
computer news online. Nearly half of users report reading economic news
on the web, close to half (44.5 percent) read sports news, and about 40
percent use the Internet for health-information seeking as well as chatting.
Considerably lower in popularity is looking up stock prices, an activity done
by just over a quarter of the sample (26.9 percent).

Table 2 also shows that there are remarkable status differences regarding
different types of Internet usage. For example, while almost 60 percent of
the sample as a whole reported looking at political news online, this activity
is much less common among members of the lowest social status group
(40.4 percent) than among those in the highest social status group (73.7
percent).

Table 3 reports gamma correlation coefficients showing whether social
status is related to the frequency of each online activity at a statistically
significant level. All the coefficients in Table 3 are statistically significant,
suggesting that every type of activity we look at is related to people’s so-
cioeconomic background. This finding is itself interesting and confirms

TABLE 2

Incidence (Often, Sometimes, Not Often) of Different Types of Internet Usage for
the Full Sample and by Social Status (in Percent), ACTA 2004

Type of Internet Usage

Social Status Category (1 5 Lowest,
7 5 Highest)

Full Sample1 2 3 4 5 6 7

Email 79.6 86.8 86.5 89.1 91.9 93.3 94.2 90.4
Search engine (Google) 82.1 82.0 81.4 83.3 88.9 89.1 89.6 86.2
Travel information 43.0 59.5 65.0 69.9 74.6 77.9 85.3 72.6
Product info./price
comparison

54.9 59.8 60.9 64.4 67.2 67.1 71.2 65.5

Political news 40.4 46.9 48.2 55.2 62.9 66.0 73.7 59.8
Computer news 46.2 48.2 46.2 49.2 52.0 51.8 55.8 50.7
Economic news 30.3 32.8 37.7 43.1 49.8 55.0 64.5 48.4
Sports news 45.5 46.5 39.4 43.4 42.0 47.4 49.5 44.5
Health information 28.5 37.6 35.1 40.3 42.3 38.4 45.1 39.9
Chat 50.2 49.5 40.1 42.9 40.7 34.5 31.7 39.4
Stock prices 7.2 12.2 16.9 22.7 26.8 32.6 44.4 26.9

NOTES: N 5 6,053 (Internet users).
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concerns about digital inequality whereby those in more privileged positions
may be doing more online. However, basic correlation measures only tell us
so much about the underlying reasons for these relationships. To decipher
what exactly may be causing the association of social status and Internet
activity, we turn to logistic regression analyses, where we are able to include
more factors about people’s background characteristics and Internet user
context.

Table 4 shows the results of logistic regression analyses predicting various
types of online activities (1 5 incidence, 0 5 no incidence of the specific
type of Internet usage). Here, in addition to looking at people’s social status,
the logistic regression models include information about age and gender,
quality of technical equipment, and digital experience. Moreover, we control
for interest in the particular topic under examination. Thus, for example, in
the case of looking at political news online, we consider whether a user’s
social status still exhibits a significant relationship to this activity even if
differences in age, gender, quality of equipment, digital experience, and
political interest are all taken into consideration. We find that at each level
of status, the odds of using the Internet for political information increase
even when we control for the other factors. Overall, we find that many of the
relationships present in the correlation statistics hold after introducing the
controls. That is, even when accounting for background characteristics, the
context of people’s use, and interest in the topic, socioeconomic status
continues to exhibit an independent relationship with several online activ-
ities that can be deemed capital enhancing.

Similarly to the domain of political news, we find a positive relationship
between a user’s social status and propensity to look up information about

TABLE 3

Correlation Coefficient of Frequency of Different Types of Internet Usage and
Social Status, ACTA 2004

Type of Internet Usage Gamma

Stock prices 0.312 n n n

Economic news 0.245 n n n

Email 0.227 n n n

Political news 0.219 n n n

Travel information 0.205 n n n

Search engine (Google) 0.146 n n n

Product information/price comparison 0.098 n n n

Computer news 0.070 n n n

Health information 0.062 n n n

Sports news 0.056 n n n

Chat � 0.130n n n

NOTES: N 5 6,053 (Internet users). npo0.1; n npo0.05; n nnpo0.01.
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TABLE 4

Logistic Regression Predicting Different Types of Internet Usage ACTA 2004

Stock
Prices

Information
on

Traveling
Political
News

Economic
News Email

Search
Engine

(Google) Chat
Computer

News
Product

Information
Sports
News

Health
Information

Social
status

1.218 n n n 1.183 n n n 1.124 n n n 1.140 n n n 1.119 n n n 1.079 n n n 0.844 n n n 0.949 n n n 0.999 0.988 0.987
(0.024) (0.020) (0.019) (0.019) (0.029) (0.025) (0.019) (0.020) (0.019) (0.019) (0.018)

Gender 0.586 n n n 1.367 n n n 0.703 n n n 0.696 n n n 1.355 n n n 1.285 n n n 0.943 0.408 n n n 0.737 n n n 0.316 n n n 1.982 n n n

(0.073) (0.066) (0.059) (0.059) (0.095) (0.080) (0.060) (0.061) (0.060) (0.060) (0.058)
Age 1.084 n n n 1.172 n n n 1.029 n n 1.013 0.991 0.938 n n n 0.754 n n n 0.970 n n 1.047 n n n 0.982 1.140 n n n

(0.014) (0.013) (0.012) (0.012) (0.018) (0.015) (0.012) (0.012) (0.012) (0.011) (0.011)
Technical
equipment

1.039 n n 1.065 n n n 1.068 n n n 1.067 n n n 1.121 n n n 1.122 n n n 1.127 n n n 1.132 n n n 1.050 n n n 1.067 n n n 1.056 n n n

(0.016) (0.014) (0.013) (0.013) (0.022) (0.018) (0.013) (0.014) (0.013) (0.013) (0.012)
Digital
experience

1.277 n n n 1.266 n n n 1.421 n n n 1.315 n n n 1.647 n n n 1.377 n n n 1.265 n n n 1.616 n n n 1.405 n n n 1.228 n n n 1.229 n n n

(0.021) (0.018) (0.018) (0.018) (0.028) (0.023) (0.018) (0.020) (0.018) (0.018) (0.017)
Topic

interest
8.864 n n n 4.331 n n n 2.942 n n n 4.733 n n n — — — 3.433 n n n 2.685 n n n 5.680 n n n 3.400 n n n

(0.073) (0.089) (0.069) (0.071) (0.124) (0.068) (0.079) (0.122)
Constant 0.001 n n n 0.004 n n n .014 n n n 0.006 n n n 0.122 n n n 0.359 n n n 0.685 n n n 0.012 n n n 0.036 n n n 0.040 n n n 0.002 n n n

(0.262) (0.252) (0.210) (0.216) (0.264) (0.224) (0.175) (0.301) (0.205) (0.233) (0.293)
Nagelk. R2 0.386 0.206 0.256 0.282 0.200 0.131 0.241 0.366 0.194 0.290 0.130

NOTES: Odds of a binary logistic regression; standard errors in parentheses; N 5 6,053 (Internet users); npo0.1; n npo0.05; n n npo0.01. Statistically significant
coefficients at a confidence interval greater than 90 percent are in bold. As mentioned, email communication, using a search engine, and chatting are not topic
related; therefore, in these cases no corresponding variable was included in these logistic regression models.
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stock prices, information on travelling, economic news, the usage of email,
and use of the search engine Google. This means that concerning these
forms of Internet usage, there is a positive status effect on online activity;
high-status persons use the Internet to a greater extent for these activities. In
contrast, even when we control for technological access, digital experience,
and topic-specific interests, lower-status Internet users tend to use chat
rooms to a greater extent than their higher-status counterparts.

To be sure, controlling for topical interest proves to be important across
the board. As the figures in the last row of Table 4 make evident, having an
interest in a topic is a strong predictor of seeking related material on the
web. However, it is only in one domain of Internet use where we see a
change in the relationship to social status when we introduce the controls in
the logistic regression models. After controlling for age, gender, technolog-
ical access, digital experience, and topic-specific interests, the influence of
social status on reading about computer news online is reversed. In only
three cases does the significant influence of social status cease to exist after
introduction of the controls. In the case of Internet usage for product in-
formation, for sports news, and for health information, we no longer observe
a significant relationship with social status when we introduce the controls.
For all other activities, status differences remain significant even after ac-
counting for several factors that existing research tells us would be the
reasons behind the relationship of specific Internet activities and people’s
socioeconomic status.

Conclusion

Overall, we find that a user’s social status is significantly related to various
types of capital-enhancing uses of the Internet, suggesting that those already
in more privileged positions are reaping the benefits of their time spent
online more than users from lower socioeconomic backgrounds. Earlier we
suggested that findings about how previous technologies have been adopted
by users are relevant to the study of the Internet because its social impli-
cations, like those of other technologies before it, are influenced by the
context in which it spreads to the population. Writing about the diffusion of
contraceptives in developing countries, Rogers put forward the idea of the
‘‘innovativeness-needs paradox’’ (1995:295).

[The] paradoxical relationship between innovativeness and the need for
benefits of an innovation tends to result in a wider socioeconomic gap
between the higher and lower socioeconomic individuals in a social system.
Thus, one consequence of many technological innovations is to widen
socioeconomic gaps in a social system.

Similar to contraceptives and many other technologies, people’s incor-
poration of digital media into their everyday lives does not happen inde-
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pendent of the constraints and advantages of their existing surroundings;
rather, the Internet is just one component of people’s lives in which nu-
merous social factors interact with each other. Not surprisingly, then, those
with more resources—whether technical, financial, social, or cultural—end
up using the web for more beneficial purposes than those who have con-
siderably fewer assets on which to draw.

This notion is consistent with the so-called Matthew effect (Merton,
1973) whereby the rich get richer with respect to the use of digital media.
The basic idea here is that the particular uses to which those in more
privileged positions put the Internet give them even more resources through
which they can improve their societal positions. Concurrently, there is a
relatively weak relationship between lower-status background and poten-
tially beneficial uses of the Internet, suggesting less positive payoffs for
people from less privileged backgrounds. Our findings suggest that Internet
users’ position on the social ladder has a significant influence on the uses
toward which they put the medium, even after controlling for the quality of
their technical equipment, their digital experience, and topic-specific inter-
ests related to the various activities. In particular, high-status individuals
carry out information-oriented activities and transactions online to a sig-
nificantly greater extent than their lower-status counterparts: high-status
Internet users’ odds of benefiting from political and economic news online,
travel information, stock prices, product information and price comparison,
email, and search engines are significantly higher than those of lower-status
ones. Only chat rooms and—to a slight degree—computer news online are
Internet services that lower-status people tend to use to a greater extent than
high-status ones. All in all, beyond differences regarding the quality of
technical equipment, digital experiences, and topic-specific interests, low-
status and high-status users vary in their online behavior and engage in
different forms of ‘‘Internet-in-practice.’’

Overall what this tells us about the broader discussion surrounding the
digital divide is that digital inequalities are not only a temporary social
phenomenon that will disappear once high-quality equipment and comfort
with the Internet become more widespread. Even if status inequalities con-
cerning technical equipment and digital experience were to decline, status-
based differences in Internet usage would likely persist.

Decades ago, research on the knowledge gap suggested that ‘‘[t]he un-
intended consequence of explaining gaps due to a lack of motivation shifts
the focus from social structure to individuals, perhaps unintentionally en-
gaging in ‘victim blaming’’’ (Viswanath and Finnegan, 1996:209). Sim-
ilarly, we find that differences in Internet use cannot be attributed simply to
individual variation in motivation, interest, or will; rather, just like with
research on the knowledge gap, scholars of digital inequality must take into
account that forms of Internet use are determined by age, gender, the quality
of the technical access, digital experience, topic-specific interest, and some-
thing status related that we—following Bourdieu (1984)—can perhaps call

288 Social Science Quarterly



habitus. Future work will need to delve even further into the nuances of
what components of people’s socioeconomic status yield independent effects
for inequalities in Internet use. What we have been able to show is that the
causes of status-based digital inequalities are deeper and more difficult to
overcome than many suggest.
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